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Normal (n =23) eMCI(n = 27)

Age [year] 75 72.9
Male [ n (%)] 10 (43.5) 17 (63.0)
APOE4 =11[n (%)] 6 (26.1) 14 (51.9)
Mini-Mental Scale Examination 28.5 27.7

> [ Z] —{& AD vs. eMCI (Baseline)
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» Slice timing, Realign, Normalize, Smoothing, Detrend, band path filter
> Data Processing Assistant for Resting-State fMRI (DPARSF) V4.1
» BEIDFEE3 2R, 1308 =
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C Sens Spec Accuracy
BEZE sup 0.894 0.793 0.807 0.802
unsup 0.727 0.267 0.520 0.400
Elas. net 0.794 0.363 0.530 0.452
SVM 0.776 0.447 0.683 0.580
Random forests 0.808 0.203 0.560 0.395
Neural net 0.787 0.520 0.553 0.530
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(p=0.0122)

aAR—ARR3
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(p=0.0095)
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FTARTODAVKRR LRI T—D%FFEHLIZ3ZX T, Fig 10. Wee et al. (2015)
(ZEMdpYpu = 0.5)— (HEMELu =0)
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Table 1 eMCI identification performance of the PAC-, PEC-,
SICE-, GGL- and the proposed sparse temporal network-based frame-
works with N = 90 and s = 2. (ACC = ACCuracy: AUC = Area

~

;ﬁ == Method ACC AUC SEN
PAC 0.6271 0.6598 0.6552
PEC 0.6610 0.6138 0.5517
SICE 0.6780 0.7189 0.6897
GGL 0.7288 0.7315 0.7586

Proposed 0.7966 0.7920 0.7586
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